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Abstract
Companies are increasingly setting greenhouse gas (GHG) emission reduction targets to align with
the 1.5 ◦C goal of the Paris Agreement. Currently, companies set these science-based targets (SBTs)
for aggregate GHGs expressed in CO2-equivalent emissions. This approach does not specify which
gases will be reduced and risk misalignment with ambitious mitigation scenarios in which
individual gas emissions are mitigated at different rates. We propose that companies instead set
reduction targets for separate baskets of GHGs, defined according to the atmospheric lifetimes and
global mitigation potentials of GHGs. We use a sector-level analysis to approximate the average
impact of this proposal on company SBTs. We apply a multiregional environmentally extended
input output model and a range of 1.5 ◦C emissions scenarios to compare 1-, 2- and 3-basket
approaches for calculating sector-level SBTs for direct (scope 1) and indirect (scope 2 and upstream
scope 3) emissions for all major global sectors. The multi-basket approaches lead to higher
reduction requirements for scope 1 and 2 emissions than the current single-basket approach for
most sectors, because these emission sources are usually dominated by CO2, which is typically
mitigated faster than other gases in 1.5 ◦C scenarios. Exceptions are scope 1 emissions for fossil and
biological raw material production and waste management, which are dominated by other GHGs
(mainly CH4 and N2O). On the other hand, upstream scope 3 reduction targets at the sector level
often become less ambitious with a multi-basket approach, owing mainly to substantial shares of
CH4 and, in some cases, non-CO2 long-lived emissions. Our results indicate that a shift to a
multi-basket approach would improve the alignment of SBTs with the Paris temperature goal and
would require most of the current set of companies with approved SBTs to increase the ambition of
their scope 1 and scope 2 targets. More research on the implications of a multi-basket approach on
company-level SBTs for all scope 3 activities (downstream, as well as upstream) is needed.

1. Introduction

Corporate emissions often include methane (CH4),
nitrous oxide (N2O) and other greenhouse gases
(GHGs) in addition to CO2. Yet, corporate emission

reduction targets do typically not specify reductions
of individual GHGs. Instead, these targets commonly
involve a single percentage reduction of aggreg-
ated base year GHGs, expressed in CO2-equivalent
(CO2e). Following the GHG Protocol (WBCSD/WRI
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2004, 2013), this aggregation of GHGs is based on
the 100 year global warming potential (GWP100)
metric, which establishes equivalence between differ-
ent GHGs, based on their contribution to cumulative
radiative forcing over 100 years after a pulse emission
(Forster et al 2021).

The use of a single emission metric, such as
GWP100, has been criticized for failing to reflect how
short-lived and long-lived GHGs contribute differ-
ently to warming over time (Levasseur et al 2016). For
example, a global reduction in CH4 would lead to a
smaller mid-century temperature peak, but a higher
long-term temperature, than the same CO2e reduc-
tion in CO2 (Sun et al 2021). Hence, it can be unclear
if a given global aggregate CO2e reduction pathway
is compatible with the goals of the Paris Agreement
(Fuglestvedt et al 2018, Abernethy and Jackson 2022).
Another issue with global aggregate CO2e emission
pathways, including those currently used by the sci-
ence based target (SBT) initiative (SBTi) (SBTi 2019,
2022, 2023a), is that information is lost about the dif-
ferences in mitigation rates of the underlying GHG-
specific pathways. Considering that CO2 typically
reduces faster than other GHGs in global 1.5 ◦C emis-
sion scenarios (Matthews and Wynes 2022), this cur-
rent SBTi approach may lead to insufficiently ambi-
tious SBTs for companies that predominantly emit
CO2.

Here, we propose that companies set SBTs for
separate baskets of GHGs, defined according to the
atmospheric lifetimes and global mitigation poten-
tials of GHGs, and we demonstrate how this can be
done. Our proposed multi-basket approach aims to
improve the alignment of SBTs with the Paris temper-
ature goal by making SBTs a function of the base year
GHG mix of companies. We use a sector-level ana-
lysis to approximate the average impact of this multi-
basket approach to company target setting for direct
(scope 1) and indirect (scope 2 and upstream scope
3) emissions for all major global sectors for the years
2030, 2040 and 2050. This assessment involves the cal-
culation of three sets of SBTs: 1-basket SBTs based
on a single global aggregate CO2e emission path-
way, approximating SBTi’s current approach (SBTi
2019); 2-basket SBTs inspired by the proposal of Allen
et al (2022), where SBTs for short-lived and long-lived
GHGs are calculated separately; and 3-basket SBTs
based on amodification of the 2-basket approach pla-
cing CO2 in a separate basket from other long-lived
GHGs. We included the 3-basket approach in recog-
nition that 1.5 ◦Cemission scenarios generally involve
higher reduction rates for CO2 than other long-lived
emissions (Matthews and Wynes 2022). In all cases,
we calculated sector-level SBTs using the absolute
contraction approach (Bjørn et al 2021). In addition
to following a multi-basket approach to calculating
SBTs, we deviated from SBTi’s current guidance (SBTi

2023b) in several ways10. We did this to allow broader
conclusions to be drawn from the study.

2. Methods

2.1. Establishing emissions baskets
We categorized emissions according to the six GHGs
used in the multiregional environmentally extended
input output model Exiobase v3.8.1 (Stadler et al
2018, 2021): CO2, CH4, N2O, SF6, HFCs and PFCs11.
We then used the 100 year atmospheric lifetime
threshold proposed by Allen et al (2022) to separate
these emissions in short-lived and long-lived baskets
for the 2-basket and 3-basket approaches (table 1).

2.2. Estimating base year emissions
SBTs are a function of base year emissions (Bjørn
et al 2021). Here we used 2019 as a common base
year, since it is the last year with reliable emis-
sion data not affected by the COVID-19 pandemic
and following IPCC’s presentation of scenarios in its
last assessment report (IPCC 2022). We used four
product-by-product arrays from Exiobase12 v3.8.1
(Stadler et al 2018, 2021) to estimate direct emissions
(scope 1), indirect emissions from purchased elec-
tricity, heat, steam and cooling (scope 2,) and other
indirect, upstream emissions (upstream scope 3)13

for 200 product classifications (products, in short)
in 49 regions (44 countries and the remaining coun-
tries combined in 5 ‘rest of the world’ regions) in the
year 2019. The direct requirements matrix (A) spe-
cifies the amount of product inputs directly required
per unit output of each product in each region. The
factor production matrix (F) provides total direct
environmental stressors (including individual GHGs)

10 First, we calculated SBTs for entire sectors and their respective
generic products—not specific companies. Second, we calculated
SBTs using a more recent and broader range of 1.5 ◦C scenarios
than those informing SBTi’s absolute contraction approach at the
time of writing (SBTi 2019). Third, we calculated SBTs in the same
way for the years 2030, 2040 and 2050, although SBTi provides dif-
ferent guidance for calculating near-term targets (e.g. 2030) (SBTi
2023b) and long-term target, including net-zero targets (e.g. 2040
and 2050) (SBTi 2021a). For example, the SBTi guidance for set-
ting net-zero targets distinguishes between emissions and removals
and involves a cap on removals (SBTi 2021a). By comparison, our
calculated SBTs concerns net-emissions, due to a lack of explicit
information about carbon removal in the underlying 1.5 ◦C emis-
sion scenarios.
11 Note that (unlike CO2, CH4, N2O and SF6), HFCs and PFCs are
classes of GHGs, representing hydrofluorocarbons and perfluoro-
carbons, respectively. Exiobase reports HFCs and PFCs in CO2e,
following GWP100.
12 We follow the array notations of the pymrio module (Stadler
2021).
13 Note that scope 3, as defined by the Greenhouse Gas Protocol
(WBCSD/WRI 2004), also comprises indirect downstream emis-
sions (e.g. from the use and subsequent waste management of sold
product). However, due to limitations in Exiobase we only covered
upstream scope 3 emissions in this study.
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Table 1. GHGs in Exiobase and classifications according to the 2- and 3-basket approaches.

GHG
GWP100 value
(Forster et al 2021)

Atmospheric
lifetime (year) 2-basket classification 3-basket classification

CO2 1 No valuea Long-lived CO2 (long-lived)
CH4 27.9 11.8 Short-lived Short-lived
N2O 273 109 Long-lived Other long-lived
SF6 25 200 3200 Long-lived Other long-lived
HFCs 1530 for HFC134a 51 for HFC134ab Short-lived Short-lived
PFCs 7380 for CF4 50 000 for CF4

c Long-lived Other long-lived
a CO2 does not follow a first order decay function. We considered it long-lived following Allen et al (2022).
b Out of the 50 HFCs covered by IPCC AR6, 48 have atmospheric lifetimes below 100 years. Moreover, HFC134a, given as substance

equivalent measure of HFC emissions in IPCC scenarios, has an atmospheric lifetime of 51 years. We therefore considered HFCs

short-lived here.
c Out of the 19 PFCs covered by IPCC AR6, 12 have atmospheric lifetimes above 100 years. Moreover, CF4, given as substance equivalent

measure of PFC emissions in IPCC scenarios, has an atmospheric lifetime of 50 000 years. We therefore considered PFCs long-lived here.

from production of products in each region. The
factor production coefficients matrix (S) provides
direct environmental stressors per monetary unit
output of products. The global gross output vector
(x) provides the total amount of products produced
in each region (x̂ is the diagonalized version of x).

We first used an identify matrix (I) to trans-
form A into a total requirements matrix (L—the
Leontief inverse), which specifies the total (direct and
upstream) amount of product inputs required per
unit output of each product in each region (Miller
and Blair 2009):

L= (I−A)−1 (1)

We then estimated emissions for each product and
region as follows:

• We obtained scope 1 emissions directly from F.
• We estimated scope 2 emissions by modifying A
to include only the inputs from procuring electri-
city, heat, steam and cooling14 (Au), modifying S
to include only GHG emissions per unit output for
these utilities (Su), and calculating emissions from
these first-tier utility suppliers as follows:

scope 2= Su ·Au · x̂ (2)

• We estimated upstream scope 3 emissions by sub-
tracting scope 2 emissions (equation (2)) from
total indirect upstream emissions via the following
equation, where subtracting the identify matrix
from the Leontief inverse gives just the indirect
requirements per unit output for each product
(hence, involving intentional double counting15):

14 ‘Electricity by coal’, ‘Electricity by gas’, ‘Electricity by nuc-
lear’, ‘Electricity by hydro’, ‘Electricity by wind’, ‘Electricity by
petroleum and other oil derivatives’, ‘Electricity by biomass
and waste’, ‘Electricity by solar photovoltaic’, ‘Electricity by
solar thermal’, ‘Electricity by tide, wave, ocean’, ‘Electricity by
Geothermal’, ‘Electricity nec’, ‘Steam and hot water supply services’.
15 As per the Greenhouse Gas Protocol (WRI/WBCSD 2011), a
given emission source may be counted under the scope 3 emissions

upstream scope 3= totalindirect− scope 2
= S · (L− I) · x̂− scope 2 (3)

This resulted in 29 400 emission estimates for the
year 2019 (200 products× 49 regions× three scopes),
each covering the six GHGs in table 1, with 5099
instances of zero total emissions16 due to the fact that
not every product is produced in all 49 regions and
that in some cases products do not have emissions in
all three scopes.

2.3. Selecting emission scenarios and developing
basket-level pathways
SBTs are based on global emission scenarios aligned
with the temperature goal of the Paris Agreement
(Bjørn et al 2021). As a basis for calculating SBTs in
this study, we selected 69 of the 97 scenarios classified
as ‘immediate action to limit warming to 1.5 ◦C with
no or limited overshoot (C1)’ in the sixth assessment
report of the Intergovernmental Panel on Climate
Change (Byers et al 2022, IPCC 2022). This excludes
28 scenarios that did not include pathways for all six
GHGs covered by Exiobase (table 1). For each scen-
ario, we extracted emissions for the six GHGs in the
year 201917–2100 and classified each GHG accord-
ing to the 2- and 3-basket approaches (table 1). For
each scenario, we then used GWP100 values (Forster
et al 2021) to aggregate the GHG-specific emission

of multiple actors. For example, emissions from producing fertil-
izer are both part of the upstream scope 3 emissions of a farm-
ing activity and part of the upstream scope 3 emissions of a food
processing activity that uses the output of the farming activity as
an input. The Greenhouse Gas Protocol also involves intentional
double counting between the scope 1, 2 and 3 emissions of differ-
ent actors. For example, emissions from the electricity generation
of a company both belong to that company’s scope 1 emissions and
to the scope 2 emissions of companies buying the electricity.
16 Note that we encountered a few combinations of products and
regions with zero production, but non-zero scope 1 emissions.
We assumed that these non-zero scope 1 emissions were errors in
Exiobase and replaced them by zeroes.
17 The scenarios involve 5 or 10 year time steps.We therefore estim-
ated 2019 values from linear interpolation between 2010 or 2015
and 2020 values.
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pathways to a single CO2e pathway for each GHG
basket within the three basket approaches (table 1).
The resulting basket-level global emission pathways
formed the basis for the SBT calculations.

2.4. Calculating and comparing SBTs
For each emission scenario, we calculated SBTs
for each product-region combination and basket-
approach using the absolute contraction approach,
which is the most commonmethod behind approved
SBTs (SBTi 2021b). This approach assigns emission
allowances based on base year emissions requiring
all companies to reduce emissions at the rate that
is globally needed (i.e. emissions grandfathering).
Accordingly, for each basket approach, we calculated
SBTs for all relevant combinations of GHGs (G),
related GHG baskets (table 1) (B), products (P),
regions (R), emissions scopes (S), emission scenarios
(ES) and target years (y):

SBTG,B,P,R,S,ES,y = PEG,B,P,R,S,ES,2019 ·
GEB,ES,y

GEB,ES,2019
(4)

where PE2019, the product emissions in the base year
2019, was estimated using Exiobase (section 2.2), and
GE2019 and GEy (with y = 2030, 2040 or 2050), the
global emissions in the base year and targets years,
were sourced from the developed basket-level emis-
sion pathways (section 2.3). We then aggregated the
calculated SBTs for emissions falling into the same
GHGs basket, for a given basket approach. This resul-
ted in up to 1676 769 SBTs for each basket and target
year (69 scenarios× 24 301 non-zero emission estim-
ates for the year 2019).

We demonstrate the application of the 1-, 2- and
3-basket approaches for deriving SBTs for an example
product and region, i.e. ‘Dairy products’ in theUnited
States. We chose this product, as we knew beforehand
that its scope 1 and 2 emissions primarily involve CO2

(related to process energy), while its upstream scope 3
emissions involve substantial shares of CH4 and N2O
(related to livestock farming and associated feed pro-
duction). Hence, we expected substantial differences
between multi-basket SBTs for scope 1, 2 and 3 emis-
sions of US dairy products and, moreover, that these
multi-basket SBTs would be different from the single-
basket SBTs.

2.5. Analyzing differences between single-basket
andmulti-basket SBTs
We then investigated the impact of using the 2- or
3-basket approach instead of the 1-basket approach
across all products, regions and scopes and investig-
ated whether any patterns emerge from setting GHG-
differentiated rather than GHG-wide SBTs. To do
so, we normalized all calculated product-region SBTs
by the 2019 emission estimates, thereby expressing

them as targeted percentage reductions of 2019 emis-
sions. We then calculated the percentage point differ-
ences between the normalized multi-basket SBTs and
the corresponding normalized single-basket SBTs, to
facilitate an identification of the products and emis-
sion scopes for which a multi-basket approach typic-
ally leads to substantially higher or lower reduction
requirements than a single-basket approach.

For ease of interpreting results, we grouped the
calculated target differences (between the single-
basket and multi-basket approaches) for the 200
products into ten sectors: (1) fossil-based rawmateri-
als, (2) bio-based raw materials, (3) other raw mater-
ials, (4) fossil-based manufacturing, (5) bio-based
manufacturing, (6) other manufacturing, (7) utility,
(8) wastemanagement, (9) transportation, (10) other
services (see table S1 in the supplementary mater-
ial for details). This classification was inspired by
the concept of life-cycle stages in product-level life
cycle assessment (ISO 2006a, 2006b, Hellweg and
Milà I Canals 2014). Moreover, we differentiated the
rawmaterials andmanufacturing sectors according to
the origin of materials (fossil, bio and other), which
are known to have different mixes of GHGs (for
example, the provisioning of bio-basedmaterials typ-
ically involves higher levels of CH4 and N2O than the
provisioning of ‘other’ materials, such as aluminum
ore).We then calculatedmedians and other summary
statistics of the product-level target differences within
each sector.We also calculated a weighted average tar-
get difference within each sector, using production
in 2019 (reported as Euro value added in Exiobase)
as weighting factor. In this way, the products and
regions with high production have high influence on
the weighted average target difference of a sector. In
our discussion we reflect on what these sector-level
results mean for company-level SBTs.

3. Results

3.1. Sectoral GHGmixes in 2019
A large difference in GHG mixes can be observed
across sectors and emissions scopes (figure 1). While
CO2 makes upmore than half of scope 1 emissions for
seven of the ten sectors, other GHGs (mainly CH4)
dominate fossil-based and bio-based raw materials
and waste management (figure 1(a)). Scope 2 emis-
sions (figure 1(b)) are always dominated by CO2

(around 99% for all sectors). The upstream scope 3
emission mixes (figure 1(c)) of manufacturing have
‘echoes’ of the scope 1 emission mixes of the raw
materials used as inputs (lower CO2 shares for fossil-
and bio-based manufacturing than for ‘other’ man-
ufacturing). While upstream scope 3 emissions are
lower than scope 1 emissions for the raw materials
sectors, upstream scope 3 emissions are highest in
most of the remaining sectors, which rely more on
upstream processes.

4
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Figure 1. Estimated emissions for scope 1 (a), scope 2 (b) and upstream scope 3 (c) by GHG for the ten sectors in 2019. The
coloring and dotted boarders in the legend indicate the GHG basket classifications, following table 1.

3.2. Global emission pathways for the 1-, 2- and
3-basket approach
The targeted reduction rates for individual GHGs
vary considerably across the sixty-nine 1.5 ◦C emis-
sions scenarios (figure 2(a)), with higher reductions
generally required for CO2, especially in later years
(net-negative CO2 emissions are required by 2050 in
36% of the 69 scenarios). In the existing 1-basket
approach for setting SBTs (figure 2(b)), aggregate
CO2e emissions gradually reduce over time with a

median CO2e reduction of 82% in 2050 relative to
2019. In the 2-basket approach (figure 2(c)), long-
lived emissions reduce more than short-lived emis-
sions, especially in 2050 with median CO2e reduc-
tions of 91% vs. 52% relative to 2019. In the 3-basket
approach (figure 2(d)), long-lived GHGs other than
CO2 (N2O, SF6 and PFCs) reducemuch less than both
CO2 and short-lived emissions. This is an indication
that the 3-basket approach is better than the 2-basket
approach for aligning corporate emission reduction

5
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Figure 2. Emission reduction targets relative to 2019 for the sixty-nine 1.5 ◦C scenarios by GHG (a) and for the 1-, 2-, and
3-basket approaches (b)–(d). Boxes indicate 25–75th percentile ranges. Horizontal lines within boxes indicate medians. Whiskers
(i.e. non-outlier ranges) indicate datapoints within 1.5-times the 25–75th percentile ranges. Outliers are not shown. The coloring
and dotted boarders in the legend of figure 2(a) indicate the GHG basket classifications, following table 1.

targets with global mitigation needs, for example, by
differentiating companies that mainly emit CO2 from
companies emitting substantial shares of N2O (fur-
ther explored below).

3.3. SBTs for dairy products in the United States
Total 2019 emissions from US dairy products were
143Mt CO2e (figure 3(a)), with CH4 (a short-lived
GHG) accounting for 52% (figures 3(b) and (c)).
The CH4 emissions were almost exclusively from
upstream scope 3 (agricultural) activities, which
accounted for 82% of total CO2e (figures 3(d)–(f)).

The three considered basket approaches result in
substantially different SBTs for US dairy products.
For the common 1-basket approach (figure 2(b)), all
GHGsmust be reduced at the same rate (median 82%
by 2050). Hence, the targeted percentage reduction
for US dairy products is identical across all emissions
(figure 3(a)) and scopes (figure 3(d)).

In the 2-basket approach (figure 2(c)), long-lived
emissions must be reduced at a higher rate (median
91% by 2050) than short-lived emissions (median
52% by 2050). For US dairy products, this per-
mits short-lived equivalent emissions to be nearly six
times higher than long-lived equivalent emissions in
2050 even though the two baskets had similar equi-
valent emission levels in 2019 (figure 3(b)). Since
most short-lived emissions are from upstream scope
3 activities, the aggregate reduction rate is lower for
upstream scope 3 emissions than for scope 1 and 2
emissions (figure 3(e)).

In the 3-basket approach (figure 2(d)), CO2 must
be reduced at a much higher rate (median 97% by
2050) than other long-lived GHGs (median 24%
by 2050). For US dairy products, this requires CO2

emissions to be just 8% of other long-lived equival-
ent emissions in 2050 even though CO2 emissions
were more than double other long-lived equivalent

6
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Figure 3. SBTs for US dairy products for different baskets of gases (a)–(c) and emission scopes (d)–(f). The columns indicate the
median targeted emissions resulting from the application of the sixty-nine 1.5 ◦C scenarios (see figure 1) for each basket and year.
The percentage reduction relative to 2019 is indicated above each column for 2030, 2040 and 2050. The coloring and dotted
boarders in the legend indicate the GHG basket classifications, following table 1. Scope 3 refers to upstream scope 3 only.

emissions in 2019 (figure 3(c)). Since most scope 1
and 2 emissions are CO2, the special treatment of CO2

means an even higher aggregate reduction for scope 1
and 2 emissions compared to the 2-basket approach
(97% instead of 91% by 2050) (figure 3(f)). The sep-
arate treatment of N2O (another long-lived gas) from
CO2 likewise results in an even lower aggregate reduc-
tion for upstream scope 3 emissions compared to the
2-basket approach (56% instead of 66% by 2050).

Overall, the high prevalence of CO2 from scope
1 and 2 activities of US dairy products leads to
a higher emission reduction requirement for these
scopes when the 2-basket approach is used, and
an even higher reduction requirement when the 3-
basket approach is used (compare figures 3(d)–(f)).
Conversely, the high prevalence of short-lived emis-
sions (and non-CO2 long-lived emissions) from
upstream scope 3 activities leads to a lower emission
reduction requirement for upstream scope 3when the
2-basket approach is used, and an even lower reduc-
tion requirement when the 3-basket approach is used.

3.4. Normalized sector-level SBTs
Across the ten sectors, each covering multiple
products and regions, the multi-basket approaches
lead to higher 2050 reduction requirements for some

emission scopes (medians and weighted averages
above the zero lines in figure 4) and lower reduc-
tion requirements for others (medians and weighted
averages below the zero lines in figure 4), depending
on their GHG mixes (figure 1). The general pattern
is similar to that observed for US dairy products—
more aggressive scope 1 and 2 targets (due to the
higher share of CO2 emissions) and less aggressive
upstream scope 3 targets (due to the higher shares of
short-lived emissions and, in some cases, non-CO2

long-lived emissions). The two main exceptions for
scope 1 is fossil-based raw materials and waste man-
agement, which have less ambitious scope 1 targets
for multi-basket approaches due to substantial shares
of CH4 (and HFCs for waste management) in their
scope 1 GHG mixes (figure 1).

For each sector and scope, the 2- and 3-basket tar-
gets tend to both be more ambitious or both be less
ambitious than the 1-basket target. The scope 1 tar-
gets for bio-based raw materials are the main excep-
tion, as they are generally more ambitious compared
to single-basket targets when the 2-basket approach
is used (median a bit above the zero line) but sub-
stantially less ambitious compared to single-basket
targets when the 3-basket approach is used (median
much below the zero line). This is because of the high
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Figure 4. Difference between normalized sector-level SBTs in the year 2050 for the single-basket approach and the multi-basket
approaches for then ten sectors. Each sector box covers SBTs for all relevant combinations of the sixty-nine 1.5 ◦C scenarios, the
49 regions, and the 7–36 Exiobase products covered by the sector. Boxes indicate 25–75th percentile ranges. Horizontal lines
within boxes indicate medians. Black dots indicate production-weighted averages. Whiskers (i.e. non-outlier ranges) indicate
datapoints within 1.5-times the 25–75th percentile ranges. Outliers are not shown. Values above the zero lines indicate that a
multi-basket approach leads to higher reduction requirements than a single-basket approach and vice versa. The six charts cover
the different combinations of the three emission scopes (rows) and the two multi-basket approaches (columns). Results for the
targets years 2030 and 2040 are shown in figures S1 and S2 in the supplementary material.

share of N2O in 2019 scope 1 emissions in that sec-
tor (figure 1), which is part of the long-lived basket
in the 2-basket approach and the other (non-CO2)
long-lived basket in the 3-basket approach (table 1),
which have widely different reduction rates (com-
pare figures 2(c) and (d)). Relatedly, the difference
between the multi-basket and single-basket targets
tends to be more pronounced for the 3-basket SBTs
(medians and weighted averages further above or
below the zero-line), since the 3-basket targets reflect
higher reduction rates for CO2 and lower reduction
rates for other long-lived GHGs.

The weighted average target differences are close
to the median target differences for most sectors
and emission scopes (figure 4). This indicates that
the normalized SBTs of products and regions with
high production are generally close to the normal-
ized SBTs of products and regions within each sec-
tor at large. Exceptions of this tendency include SBTs
for scope 1 emissions of fossil-based raw-materials,
for which the weighted average target differences are
around double themedian differences for bothmulti-
basket approaches. This is because ‘Crude petroleum
and services related to crude oil extraction, excluding

8
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surveying’ is the Exiobase product contributing the
most (61%) to the value added of the entire fossil-
based raw-materials sector and this product has a sub-
stantially higher share of CH4 in its scope 1 GHGmix
(average over regions of 76%) than the average of all
products in the sector (42%).

4. Discussion

We used a multi-basket approach to distinguish
between short- and long-lived GHG emissions when
calculating sector-level scope 1, 2 and 3 reduction tar-
gets. This showed that GHGbasket-specific reduction
targets in many cases are substantially different from
targets calculated following the predominant single-
basket approach.

4.1. Implications for company-level SBTs
The multi-basket approach generally leads to more
aggressive reduction requirements for sector-level
scope 1 and 2 emissions, due to the high share of
CO2 emissions typically in these scopes. Exceptions
include the raw materials and waste management
sectors, which would have a less aggressive scope 1
reduction requirement due to the high portion of
non-CO2 emissions. On the other hand, a shift to
a multi-basket approach would in most cases allow
less ambitious upstream sector-level scope 3 targets
than a single-basket approach, due to the substantial
shares of non-CO2 GHGs in upstream scope 3 emis-
sion mixes across sectors. These sector-level findings
indicate thatmost companies would likewise setmore
aggressive SBTs for scopes dominated by CO2 emis-
sions and less aggressive SBTs for scopes dominated
by short-lived (and non-CO2 long-lived emissions) if
changing to a multi-basket approach.

If SBTs were implemented across all compan-
ies using the current single-basket approach, the net
effect of the resulting emissions reductions would
be generally aligned with the Paris temperature goal
(assuming that all companies use the same emis-
sion allocation approach (Bjørn et al 2021), that they
all meet their targets and that, in doing so, their
combined reduction of individual GHGs is consist-
ent with the global emission scenario(s) underlying
their targets). However, SBTs have currently been
approved for only a subset of the world’s compan-
ies, and in general these companies belong to sec-
tors with CO2 as the dominant contributor to scope
1 and 2 emissions (SBTi 2022)18. As a result, if the
current set of companies with SBTs were to shift to
a multi-basket approach, this would require larger

18 Out of the 2,487 companies with approved SBTs as of April 4th,
2023, only 111 companies (4%) belonged to sectors related to food
and tobacco production, mining and waste management, as per
SBTi’s sector classification (SBTi 2023a), which are the sectors that
can be expected to have substantial shares of non-CO2 emissions
in scope 1, based on Exiobase (figure 1).

reductions in CO2 compared to other gases, lead-
ing to more ambitious scope 1 and 2 targets across
these companies. Following a similar logic, it may
be tempting to conclude from our sector-level results
that a multi-basket approach generally would allow
for less ambitious company-level scope 3 targets than
the current approved single-basket scope 3 targets.
However, such a reasoning would rest on the assump-
tion that scope 3 activities as a whole (downstream,
as well as upstream) and across different company
types have substantial shares of non-CO2 emissions
and this assumption has, to our knowledge, not yet
been tested. Furthermore, it is important to stress
that existing SBTi guidelines do not require targets for
scope 3 to align with a 1.5 ◦C goal and as a result,
approved scope 3 targets are already less ambitious
than approved targets for scope 1 and 2 (Bjørn et al
2022c, 2023, SBTi 2023b). Consequently, our results
suggest that across the current set of companies with
approved SBTs, the use of a single-basket approach to
target-setting has led to SBTs for scope 1 and 2 that in
combination are less ambitious than what is required
to align with the Paris temperature goal, while it is
unclear how a shift to a multi-basket approach would
affect current scope 3 targets.

A multi-basket approach would ensure a better
alignment between companies’ SBTs and the GHG-
specific pathways of the underlying 1.5 ◦C scenarios
and, as a result, generally increase target ambition
for scope 1 and 2 emissions that are dominated by
CO2. We therefore encourage SBTi to implement a
multi-basket approach in its target-setting guidance
and methods.

4.2. Implications for corporate emission
accounting
Implementing a multi-basket approach to emissions
accounting and mitigation targets puts additional
demands on companies and data providers. First,
companies should disclose their emissions of each
GHG, as already required by the GHG Protocol19.
However, only 58% of the 2205 companies that dis-
closed GHG-wide scope 1 emissions in CO2e to
CDP for 2019 also reported the corresponding GHG-
specific scope 1 emissions (CDP 2020) (CDP did not
ask companies for this GHG breakdown for scope 2
and 3 emissions). Hence, better compliance with the
existing reporting requirements is needed.

For estimating indirect emissions (scope 2 and
3), companies typically require a combination of the
scope 1 emissions of their suppliers and customers
and generic datasets. The providers of these datasets
should therefore enable GHG-specific accounting.

19 In an amendment from 2013 to the Greenhouse Gas Protocol
standard, companies are required to report ‘Emissions data for all
GHGs covered by the UNFCCC/Kyoto Protocol separately in met-
ric tonnes and in tonnes of CO2 equivalent.’ (WBCSD/WRI 2004,
2013).
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For scope 2 accounting, providers of region-specific
average emission factors (used in the location-based
accounting approach), providers of residual emis-
sions factors and issuers of renewable energy certific-
ates (used in the market-based accounting approach)
should report each GHG separately (WRI 2015,
Bjørn et al 2022a). For scope 3 emissions, resources
such as the ‘Scope 3 Evaluator’ screening tool of
the GHG Protocol (WBCSD/WRI/Quantis 2015)
(which partially builds on environmentally extended
input output modeling) could be updated to provide
GHG-specific emissions estimates, in addition to the
aggregate estimates currently provided.

Across all actors, a new standard for reporting flu-
orinated gases may be needed. Currently, companies,
generic data providers (e.g. Exiobase) and scenario
developers typically report fluorinated gases aggreg-
ated by classes based on molecular commonalities,
such as HFCs and PFCs (see table 1). Corporate cli-
mate disclosure platforms, such as CDP, also asks
companies to report fluorinated gasses aggregated by
such classes. However, both HFCs and PFCs con-
tain short-lived as well as and long-lived GHGs (see
table 1). It may therefore be more useful to define
classes of fluorinated gases according to atmospheric
lifetimes (e.g. less than 100 years versus 100 years or
more).

4.3. Future research
We demonstrated the multi-basket approach using
the absolute contraction approach (implying emis-
sion grandfathering) and sixty-nine 1.5 ◦C scenarios.
However, themulti-basket approach can be used with
other emission allocation principles (such as those
embedded in the sectoral decarbonization approach
(Krabbe et al 2015, Bjørn et al 2021, Chang et al
2022, Bjørn et al 2022b)) and any emission scenario
containing separate pathways for individual GHGs.
Future studies should explore the implications of
using a multi-basket approach with SBTi’s emer-
ging sector-specific target-setting framework, e.g. for
forest, land and agriculture or for oil and gas (SBTi
2023c).

The multi-basket approach can also be used
with alternative numbers and compositions of emis-
sion baskets. Future studies should investigate the
most suitable basket configuration for the setting
of emission reduction targets for specific actors and
purposes. Considerations that may be important
in such an assessment include (1) the threshold
between short-lived and long-lived GHGs (the some-
what arbitrary and ambiguous ‘around 100 years’
threshold suggested by Allen et al (2022) makes it
unclear what basketN2Obelongs to, for example); (2)
the GHG mix in the base year (there is no reason for
a basket for GHGs that are not emitted by the type
of actor in question); (3) the differences in the emis-
sion reduction rates of individual GHGs in 1.5 ◦C

scenarios; (4) whether it is desirable to differentiate
targets based on the underlying sources of emissions
(e.g. fossil fuel use versus land-use emissions), as well
as to offer separate targets for emissions and removals,
so as to clarify efforts aimed at achieving net-zero
emissions.

Our study involves the application of the well-
known GWP100 metric in a new multi-basket
approach to setting SBTs. This approach, inspired
by Allen et al (2022), retains information about
the atmospheric lifetimes of gasses (lost in a single-
basket approach), and thereby about their different
contributions to warming over time. By compar-
ison, GWP with other time horizons than 100 years
(Abernethy and Jackson 2022) and alternative met-
rics, such as the global temperature change potential
(GTP) (Levasseur et al 2016), the GWP∗ (Lynch et al
2020) and the combined global temperature change
potential (CGTP) (Collins et al 2020), involve differ-
ent approaches to comparing the temperature effects
of short-lived and long-lived GHGs. Future studies
should explore the potential use of such alternatives
to GWP100 in facilitating alignment of the emission
reduction targets of individual actors with global
1.5 ◦C scenarios.

5. Conclusion

There is increasing attention to the different tem-
perature effects of short-lived and long-lived GHGs
and the different expected reduction potentials of
the various GHGs (Collins et al 2020, Lynch et al
2020, Ou et al 2021, Allen et al 2022, Harmsen et al
2023, Ivanovich et al 2023). The current single-basket
approach to setting SBTs does not adequately account
for these differences. Amulti-basket approach for set-
ting GHG-differentiated SBTs offers a way to improve
alignment of corporate targets with global emission
scenarios. To enable a transition from single- to
multi-basket SBTs, we call on companies and data
providers to report emissions of each GHG and SBTi
to introduce guidance for multi-basket corporate tar-
gets. Such actions would more effectively align cor-
porate contributions to global mitigation plans.
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