
Titre:
Title:

Liver segmentation: indications, techniques and future directions

Auteurs:
Authors:

Akshat Gotra, Lojan Sivakumaran, Gabriel Chartrand, Kim-Nhien Vu, 
Franck Vandenbroucke-Menu, Claude Kauffmann, Samuel Kadoury, 
Benoit Gallix, Jacques A. de Guise, & An Tang 

Date: 2017

Type: Article de revue / Article

Référence:
Citation:

Gotra, A., Sivakumaran, L., Chartrand, G., Vu, K.-N., Vandenbroucke-Menu, F., 
Kauffmann, C., Kadoury, S., Gallix, B., de Guise, J. A., & Tang, A. (2017). Liver 
segmentation: indications, techniques and future directions. Insights into 
Imaging, 8(4), 377-392. https://doi.org/10.1007/s13244-017-0558-1

Document en libre accès dans PolyPublie
Open Access document in PolyPublie

URL de PolyPublie:
PolyPublie URL:

https://publications.polymtl.ca/4900/

Version: Version officielle de l'éditeur / Published version 
Révisé par les pairs / Refereed 

Conditions d’utilisation:
Terms of Use: Creative Commons Attribution 4.0 International (CC BY) 

Document publié chez l’éditeur officiel
Document issued by the official publisher

Titre de la revue:
Journal Title:

Insights into Imaging (vol. 8, no. 4) 

Maison d’édition:
Publisher:

Springer

URL officiel:
Official URL:

https://doi.org/10.1007/s13244-017-0558-1

Mention légale:
Legal notice:

Ce fichier a été téléchargé à partir de PolyPublie, le dépôt institutionnel de Polytechnique Montréal
This file has been downloaded from PolyPublie, the institutional repository of Polytechnique Montréal

https://publications.polymtl.ca

https://publications.polymtl.ca/
https://doi.org/10.1007/s13244-017-0558-1
https://publications.polymtl.ca/4900/
https://doi.org/10.1007/s13244-017-0558-1


REVIEW

Liver segmentation: indications, techniques and future directions

Akshat Gotra1,2 & Lojan Sivakumaran3,4 & Gabriel Chartrand5 & Kim-Nhien Vu1 &
Franck Vandenbroucke-Menu6 & Claude Kauffmann1 & Samuel Kadoury4,7 &
Benoît Gallix2 & Jacques A. de Guise5 & An Tang1,4

Received: 8 January 2017 /Revised: 3 April 2017 /Accepted: 2 May 2017 /Published online: 14 June 2017
# The Author(s) 2017. This article is an open access publication

Abstract
Objectives Liver volumetry has emerged as an important
tool in clinical practice. Liver volume is assessed pri-
marily via organ segmentation of computed tomography
(CT) and magnetic resonance imaging (MRI) images.

The goal of this paper is to provide an accessible over-
view of liver segmentation targeted at radiologists and
other healthcare professionals.
Methods Using images from CT and MRI, this paper reviews
the indications for liver segmentation, technical approaches
used in segmentation software and the developing roles of
liver segmentation in clinical practice.
Results Liver segmentation for volumetric assessment is indi-
cated prior to major hepatectomy, portal vein embolisation,
associating liver partition and portal vein ligation for staged
hepatectomy (ALPPS) and transplant. Segmentation software
can be categorised according to amount of user input in-
volved: manual, semi-automated and fully automated.
Manual segmentation is considered the Bgold standard^ in
clinical practice and research, but is tedious and time-consum-
ing. Increasingly automated segmentation approaches are
more robust, but may suffer from certain segmentation pitfalls.
Emerging applications of segmentation include surgical plan-
ning and integration with MRI-based biomarkers.
Conclusions Liver segmentation has multiple clinical appli-
cations and is expanding in scope. Clinicians can employ
semi-automated or fully automated segmentation options to
more efficiently integrate volumetry into clinical practice.
Teaching points
• Liver volume is assessed via organ segmentation on CT and

MRI examinations.
• Liver segmentation is used for volume assessment prior to

major hepatic procedures.
• Segmentation approaches may be categorised according to

the amount of user input involved.
• Emerging applications include surgical planning and inte-

gration with MRI-based biomarkers.

Keywords Liver . Segmentation . Volumetry . Automated .
Computed tomography . Magnetic resonance imaging
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Introduction

Segmentation refers to the process of delineating an organ of
interest—typically on multiplanar computed tomography
(CT) or magnetic resonance imaging (MRI)—for volumetric
or morphological analysis. The liver is one of the most diffi-
cult organs to segment due to its highly variable shape and
close proximity to other organs. In addition, the liver is subject
to diverse pathologies that may modify its density, signal in-
tensity or distort its architecture. Examples include liver fat,
iron deposits, fibrosis and tumours.

Although physical examination has long been used to de-
tect liver size [1], the variability of liver sizes among patients
limits its ability to detect pathology. As seen in Fig. 1, livers of
similar cranial-caudal length may have markedly different
volumes. Standard liver volumes can be calculated from the
patient’s body surface area or mass using the formulas pro-
posed by Vauthey et al. [2] in 2000. However, these formulas
are limited by subject demographics (healthy individuals) and
by their modest correlation to liver sizes calculated by more
advanced forms of volumetry [3].

The era of modern imaging technology has offered new and
more accurate tools to estimate liver volume. CT volumetry of
the liver was first performed on cadavers by Heymsfield et al.
[4] in 1979 and was shown to be accurate within 5% of water
displacement volumetry. Today, liver volume can be calculated
from both CT and MRI examinations. CT is more commonly
used due to its greater accessibility, higher spatial resolution,
robustness and short acquisition time [5–7]. MRI, conversely,
offers multiple contrast mechanisms and the ability to assess
vascular and biliary anatomy in addition to parenchymal pa-
thology [8]. MRI also minimises the risk of nephrotoxicity and
eliminates concerns of radiation exposure [8].

Liver segmentation has emerged as the preferred technique
of liver volumetry. Liver segmentation involves identifying the
voxels belonging to liver parenchyma on CT or MRI images
via the generation of multiple segments. There are many ap-
proaches to segmentation that involve varying amounts of op-
erator input, each with their own advantages and disadvantages.

The goal of this paper is to provide clinicians with an ac-
cessible primer for liver segmentation. We will first discuss
the major indications for performing liver segmentation for

volumetry. Next, we will provide an overview of the various
segmentation techniques available. Finally, we will discuss
the emerging clinical applications of liver segmentation.

Indications for liver volumetry

Future liver volume prior to major hepatectomy

Liver volumetry is indicated in patients undergoing major
hepatic resection [9], defined as resection of four or more
segments according to the Couinaud classification [10].
Most hepatectomies are performed for the treatment of neo-
plasms, including primary liver cancer (e.g. hepatocellular
carcinoma and cholangiocarcinoma), liver metastases (e.g.
from colorectal cancer) or certain benign tumours (e.g. giant
haemangioma, adenoma, cystadenoma) [11]. Hepatectomies
may also be performed for the management of localised ab-
scesses (pyogenic, amoebic) or after trauma to the liver or
biliary system. Different types of major hepatectomies—in-
cluding left and right complete and extended hepatecto-
mies—are outlined in Fig. 2 [12, 13]. There has been a recent
rise in the number of extended hepatectomies being performed
as definitions of resectability have expanded; extended right
hepatectomies are currently the most common form of hepa-
tectomy, representing 70% of all hepatectomies [14, 15].

Liver volumetry is a useful clinical tool for patients—both
with and without underlying liver disease—undergoing major
hepatic resection [14, 16]. The total liver volume (TLV) and
the future liver remnant (FLR)—the amount of liver that
would be left post-resection—are measured. FLR volume
has been shown to be an indicator of both post-operative liver
function and clinical outcome; it is also one of the only inde-
pendent predictors of post-operative liver dysfunction [14].

In patients with otherwise normal livers, the FLR/TLV ratio
should be >20%; in patients with moderately diseased liver,
the ratio should be >30%; finally, in patients with cirrhosis or
fibrosis, the ratio should >40% (Fig. 3) [17]. Moderate liver
disease has been defined as liver steatosis secondary to exten-
sive chemotherapy. Certain systemic chemotherapies directly
induce hepatic steatosis and sinusoidal obstruction syndromes
resulting in fatty liver parenchyma [1]. The extent of the liver

Fig. 1 Variability of liver shape and size. Livers of different shape and
volume may have similar cranial-caudal length, as demonstrated with
these examples of three different patients. This observation highlights

the limitation of reporting a one-dimensional measure of length, a well-
entrenched practice, as a surrogate measure of liver volume
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pathology may be related to other patient specific factors such
as obesity, diabetes and presence of metabolic syndrome [2].
These factors may also impact a given patient’s tolerance of
surgery. Therefore, the aforementioned limits should be
viewed as somewhat flexible. An example of FLR/TLV ratio
calculation prior to hepatectomy and the post-operative result
is demonstrated in Fig. 4 for a normal liver. Patients who are
not candidates for hepatectomy based upon the aforemen-
tioned criteria are at increased risk for post-operative liver
dysfunction and may undergo pre-operative portal vein embo-
lisation (PVE).

Portal vein embolisation (PVE)

Portal vein embolisation (PVE) is performed by an interven-
tional radiologist prior to major hepatectomy to maximise vi-
able FLR. In PVE, portal vein branches that supply liver seg-
ments to be removed during hepatectomy are embolised. This
results in the redistribution of blood flow towards the non-
embolised segments, promoting liver hypertrophy and

increasing anticipated FLR. Patients who have undergone
PVE demonstrate improved liver function post-extended hep-
atectomy compared to patients who have not [2, 16].

PVE is indicated when an increased post-hepatectomy FLR
volume is required for adequate post-operative hepatic func-
tion. This may be due to underlying liver disease or the extent
of the resection planned. Individuals who are expected to have
suboptimal FLR/TLV ratios (as per Fig. 3) are candidates for
PVE [17]. Liver volumetry is generally re-performed 3–
4 weeks post-PVE to assess the extent of hypertrophy of the
FLR prior to surgery [16]. Patients who have reached a
standardised FLR (FLR divided by total liver volume as cal-
culated using the Vauthey equations) of 20% or a degree of
hypertrophy of 5% by this time have more favourable post-
hepatectomy outcomes [18]. However, evidence has emerged
that an increase in liver function—as measured by 99mTc-la-
belled mebrofenin HBS with single photon emission tomog-
raphy—may precede the increase in FLR [19]. Furthermore,
the rate of hypertrophy (not just the degree) may also be an
important indicator of pre-operative readiness [20]. This may

Fig. 2 Types of major
hepatectomy. White segments are
planned for surgical resection. a
Complete right hepatectomy. b
Extended right hepatectomy. c
Complete left hepatectomy. d
Extended left hepatectomy.
Figure adapted from the Brisbane
2000 Terminology of Liver
Anatomy and Resections [12, 13]

Fig. 3 Schematic of functional
liver remnant (FLR) over total
liver volume (TLV) ratio prior to
hepatectomy. To be considered
safely resectable prior to hepatec-
tomy, the FLR/TLV ratio must be
>20% in underlying normal
livers, >30% in moderately dis-
eased livers and >40% in cirrhotic
livers
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explain why certain patients may tolerate hepatectomy earlier
than 3 weeks post-PVE. On the other hand, other practitioners
recommend waiting up to 6 weeks [21]. An example of a
patient who underwent PVE prior to right hepatectomy is
shown in Fig. 5.

Associating liver partition and portal vein ligation
for staged hepatectomy (ALPPS)

In patients with more extensive, rapidly expanding, or bilobar
disease, associating liver partition and portal vein ligation for
staged hepatectomy (ALPPS) has gained popularity. ALPPS
is as two-staged surgical procedure that may offer rapid and
major FLR hypertrophy and a decreased risk of post-operative
liver failure compared to PVE followed by hepatectomy [22];
however, it is also associated with greater peri-operative mor-
bidity and mortality [23].

In the first stage of the procedure, a total resection of tu-
mours from the future FLR is performed (if applicable),
followed by ligation of the portal vein that supplies the liver
to be removed and transection of the liver parenchyma. Both
the FLR and remaining segments are left in situ; the arterial
and biliary systems belonging to the portion of the liver to be
removed are preserved for synthetic function and to avoid
liver necrosis before the second stage. After sufficient hyper-
trophy of the FLR is achieved (generally within 1 week), the
abdomen is reopened for the second stage and the deportalised
liver is removed [24].

Liver volumetry is performed prior to each stage of the
procedure. ALPPS is indicated based on anticipated FLR vol-
ume: in general, the procedure may be offered when pre-
operative volumetry predicts an insufficient FLR associated
with major liver tumour and/or additional liver pathology (in-
cluding chemotherapy-induced damage, fibrosis, cholestasis
or macrosteatosis) [25]. Volumetry is repeated prior to the
second stage to ensure sufficient FLR hypertrophy; a 30%
standardised FLR based on the Vauthey equations is generally
expected before proceeding to the second stage (although
greater hypertrophy has been noted in the literature) [22, 25].

Pre-transplant volumetry

Living-donor liver transplants are increasingly being per-
formed given the rising demand for transplant and the
diminishing availability of cadaveric livers [26]. As such, op-
portunities are being sought to improve donor and recipient
outcomes. In the paediatric recipient population, for example,
it has been shown that transplant of the just the left lateral
segment from a living adult donor is sufficient for adequate
recipient liver function; however, this is not the case in the
adult recipient population [27].

Pre-transplant volumetry is indicated to ensure appropriate
graft size for successful donor and recipient outcomes. To
optimise donor graft survival, an FLR/TLV ratio of 30–40%
is recommended [28, 29]. The ratio of graft size to standard
liver volume (from body surface area) of the recipient should

Fig. 4 Future liver remnant
volume calculation in normal
liver prior to right hepatectomy. a
Axial enhanced CT image
showing colorectal liver
metastasis involving right
posterior segments (VI and VII).
b Resection diagram shows the
intended complete right
hepatectomy surgery planned. c
Three-dimensional rendered im-
age showing surgical planning for
complete right hepatectomy.
FLR/TLV ratio was estimated to
be 33%. d Axial unenhanced CT
image of the same patient shortly
after complete right hepatectomy.
Actual FLR/TLV ratio was calcu-
lated to be 36%. Figure courtesy
of Dr. Vandenbroucke-Menu;
created with 3DVSP (IRCAD,
Strasbourg, France)
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be over 50% [30]; alternatively the ratio of graft size to body
weight of the recipient should be over 0.8–1.0%. Inadequately
sized grafts may be functionally insufficient and may result in
small-for-size syndrome, a potentially fatal condition of he-
patic insufficiency that may require re-transplant [31]. Small-
for-size syndrome is multifactorial, however, and may devel-
op even when appropriate pre-operative volumetry is per-
formed (see Fig. 6).

In the case of right-lobe liver donor transplantation, there is
a dilemma surrounding the inclusion of the middle hepatic
vein (MHV) in the donated graft. The inclusion of the MHV
in the graft is required for adequate venous drainage in the
recipient, but may lead to congestion of segment IV in the
donor liver [32]. To strike a balance, the MHV is therefore
usually transected proximal to a major segment IVb hepatic
vein. This makes pre-operative volumetry along with vascular
assessment advantageous for positive patient outcomes.
Please see the BVascular subsegmentation^ section for further
information.

Segmentation techniques

In this section, the workflow of manual, semi-automated, and
fully automated segmentation strategies will be described
(Fig. 7), with a summary of the strengths and limitations of
each technique.

Manual segmentation

Manual liver segmentation relies heavily on user-
interaction to perform segmentation. Manual segmenta-
tion is performed via the contouring of pixels along the
boundary of the liver or the in-painting of the liver
parenchyma on sequential CT or MR slices. Once the
liver has been identified on each slice, post-processing
software is used to generate liver volume. Early manual
segmentation approaches used very basic tools such as a
pencil, spline widget or paintbrush. Newer manual tech-
niques use algorithms to optimise contouring or in-
painting; despite this rudimentary level of automation,
these techniques may still be considered manual.

To perform manual segmentation via contouring, axial CTor
MR images are saved as Digital Imaging and Communications
in Medicine (DICOM) files and loaded to post-processing soft-
ware. The image analyst then uses a cursor to position nodes
along the liver boundary (see Fig. 8a or the supplementary
material for an animation). Vessels enclosed by the paren-
chyma are included, while those that are adjacent to the
liver—such as the portal vein and the inferior vena
cava—are excluded. The total number of pixels within the
bounded area provides the cross-sectional area for a given
slice (Fig. 8b). Each slice area is then multiplied by the
slice thickness and the resulting volumes are summed to
provide the total liver volume. Similar inclusion and exclu-
sion parameters are used for in-painting, although in this

Fig. 5 Portal vein embolisation
prior to right hepatectomy. a
Axial enhanced CT image shows
colorectal liver metastasis
involving segments V, VI, VII
(only VII shown). b Final
portogram of embolised portal
vein branches in segments V
through VIII using a Lipiodol-
glue mixture. c Axial enhanced
CT image obtained 1 month after
right PVE showing hypertrophy
of future liver remnant. d Axial
enhanced CT image of the same
patient after right hepatectomy
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case the parenchyma is swept-over by the user to select
areas of interest within the liver [33].

There are many drawbacks of manual segmentation. There
is inherent intra-observer and inter-observer variability given

Fig. 6 Size incompatibility after living donor liver transplantation:
both the donor and the recipient suffered transient hepatic insufficiency.
a Axial enhanced CT image of a 26-year-old living liver donor. The total
liver volume (TLV) was 1,754 mL. The donated liver volume was
980 mL and the residual liver volume was 774 mL (44.2% of the TLV).
b Diagram showing the intended right split liver surgery planned for
living donor liver transplantation. c Post-liver transplantation axial
enhanced-CT image showing hypertrophied left liver of the donor. d

Post-liver transplantation axial enhanced-CT image of a 53-year-old
man who was the recipient of the right liver transplant. Although pre-
transplant volumetry calculations seemed to indicate that the liver size
was appropriate, the patient still developed small-for-size syndrome re-
quiring ligature of the splenic artery. The cause was likely multifactorial.
The donor developed transient biological hepatic insufficiency that re-
solved with supportive management

Fig. 7 Workflows of various segmentation strategies. The schematic
breaks down liver segmentation methods into truly manual, contour
optimisation, semi-automated, and fully automated workflows. Most

workflows require a combination of two-dimensional or three-
dimensional initialisation, refinement and editing techniques. VOI volume
of interest, MPR multi-planar reconstruction
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its subjectivity. Variability is also be introduced by the sharp-
ness of liver boundaries, window level settings, and computer
monitor settings [34]. Manual segmentation is also time-
consuming and may take up to 90 minutes for one patient
[35]. As a result, manual segmentation is not suited for a busy
clinical practice in high volume settings. Examples of assisted
contouring and in-painting techniques used during manual
segmentation are addressed below.

Assisted contouring

Active contours

In the active contour approach, the image analyst draws a
rough contour of the liver with the cursor. These contours,
also called snakes, are then tested with an interactive algo-
rithm that either forces the snake to collapse or expand based
on the data-set provided by the image. Ultimately, the contour
should snap to the outer borders of the liver (see Fig. 9 or the
supplementary material for an animation) For optimal seg-
mentation, the image must be adequately preprocessed and
the original contour must be close to the liver boundary.
This will prevent the algorithm from leaking into nearby or-
gans or falling into a local minimum. Of note, the active con-
tours technique is the basis for software SliceOmatic® created
by Tomovision [36].

Livewire

In the livewire approach the image is interpreted as a weighted
graph [37]. The pixels are represented by graph vertices.
Adjacent pixels are connected by graph edges; the cost of
connection between these vertices is represented by the weight
of these edges. The user clicks on the boundary to create a
Bseed point^ and the possible minimal cost pathways to all

other points on the image are calculated. Then, the user chooses
another boundary point, which is called the Bfree point^. The
boundary of the liver then behaves like a livewire, connecting
the seed point with the free point via a minimal cost path along
the liver edge (see Fig. 10 or the supplementary material for an
animation). The two-dimensional (2-D) livewire technique
serves as the basis for the software HepaVision® created by
MeVisLab [7, 13].

Shape interpolation

Shape interpolation allows the user to interpolate a complete
three-dimensional (3-D) shape by tracing a limited number of
contours. This reduces the number of images that must be
contoured to a few key slices. This technique can be combined
with the livewire approach to further optimise each of the
interpolated contours. This assisted contouring technique
serves as the basis for the 3-D deformable models technique,
which will be discussed in the section on fully automated
segmentation.

Assisted in-painting

SmartPaint

SmartPaint employs a paintbrush paradigm. The user to
sweeps over the liver parenchyma and the algorithm selective-
ly sticks to certain regions, while avoiding others. This iden-
tifies the underlying voxels as belonging to either the object
(i.e. liver) or its background. The segmentation is updated in
real-time to provide immediate user feedback updating the
segmentation. Like with assisted contour techniques, once
all of the voxels belonging to the liver are accounted for, the
volume of the organ may be calculated [33].

Fig. 8 Manual segmentation of the liver. a Manual segmentation of the
liver performed by contouring of pixels of the liver boundary on CT
image. Image obtained using Osirix image post-processing software

(Osirix Foundation, Geneva, Switzerland). b Volume of the liver is ob-
tained based on pixel size and slice spacing [13]
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Semi-automated segmentation

Semi-automated segmentation techniques require coarse
initialisation from the user; the algorithm then provides the
majority of the optimisation. These techniques often rely on
a combination of interactions. Examples include intensity-
based techniques and graph cut.

Intensity-based techniques

Intensity-based techniques classify pixels and their neigh-
bours according to intensity or texture. For example, seeded
region growing is an intensity-based technique where Bseeds^
are positioned by the user in the liver parenchyma (see Fig. 11
or the supplementary material for an animation) [38]. The
pixels then iteratively aggregate if their intensity matches that
of those already tagged. As a result, intensity-based tech-
niques perform very well on homogenous livers. However,
since there is no shape control, intensity-based techniques
may result in leakage of the seeded area or rough edges.
This is particularly problematic in diseased livers where sub-
stantial user interaction may be required to achieve desired
results. Furthermore, intensity-based techniques are ill-suited
MR segmentation of the liver due to the greater heterogeneity
of the parenchyma on this modality [39].

Graph-cut

In the graph-cut technique, the user roughly paints some fore-
ground (i.e. the liver) and background pixels (i.e. peri-hepatic
structures). Based on graph analysis and optimisation, a cut is
then performed to separate the foreground and background
areas in the most homogeneous regions. This isolates the liver
on the given image slice for volumetry [40] (see supplemen-
tary material for an animation of this technique).

Fully automated segmentation

Fully automated segmentation techniques require no, or neg-
ligible, user input for typical datasets. However, they may
require manual adjustment for pathological or unusual cases.

Statistical shape models (SSMs)

Statistical shape models (SSMs) use global shape priors (i.e.
multiple geometric representations of the liver) to generate
segmentations that do not deviate from a reasonable liver
shape. This creates a hard constraint on liver morphology
from which the segmented liver is not permitted to deviate,
preventing segmentation leakage. Early studies used a single
global shape prior [41]; however, this had limited versatility,

Fig. 9 Active contours technique. a Image analyst roughly contours the liver using a cursor. b Contour evolves based on salient image features. c The
contour snaps to the true liver contour [13]

Fig. 10 Livewire technique. a User sets the Bseed point^ by clicking on the liver boundary. b As the cursor is moved, the boundary behaves like a
livewire, connecting the seed point to the cursor. c The free point is placed along the liver boundary, and a minimal cost path is generated [13]
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given the variability of liver shape among patients. SSMs
expand the range of admissible liver shapes [42]. In this ap-
proach, the image data is used to deform a surface mesh
parameterised by certain admissible shapes (Fig. 12).
Typically, about 30 shapes are used to establish the dataset.

SSMs offer an advantage over the previously discussed
segmentation techniques because of the precise modelling of
shape variations, which can be used to regularise the liver’s
appearance. This technique can produce accurate segmenta-
tion despite signal noise and retain robustness despite proxim-
ity of the liver to similarly appearing organs [43]. However,
SSM requires 30–75 segmented liver shapes to generate a
training dataset from which the main shape variations are de-
rived. Furthermore, the resulting model may be too
constraining if a patient’s liver shape is not adequately

represented in the training data. This may result in limited
application to pathological or post-operative livers.

3-D deformable models

A 3-D surface mesh of the liver may be iteratively deformed to
fit the liver boundaries by interpolating a surface between a
few sparse contours. This technique is based upon shape in-
terpolation, which was discussed in manual segmentation. For
each vertex of the generated mesh, matched features corre-
sponding to the liver boundary are identified in the patient
dataset. This mesh may then be subject to a non-rigid regis-
tration scheme [44], which deforms the shape towards the
liver boundary while preserving surface smoothness [35,
45]. If carefully tuned, a simple sphere can initiate the process.
Deformable models may also be derived completely indepen-
dently of user input (see BAdvanced segmentation^ below).

Pixel classification approaches

A wide range of segmentation techniques use quantitative im-
age texture features to train classification algorithms.
Examples include support vector machines (SVMs) [46] and
random forests [47]. Even though such features have a higher
discriminative power than the intensity based techniques, they
can lead to coarse segmentation and leakage. Recently,
convolutional neural networks were proposed in the setting
of liver segmentation, where quantitative features were
learned rather than being handcrafted. This technique allowed
for the segmentation of heterogeneous livers obtained using
different scanners and protocols in under 100 seconds [48].

Advanced segmentation techniques

The previously presented segmentation techniques are seldom
used on their own. Advanced segmentation strategies often
combine various segmentation techniques. For example, pixel
classification can be combined with graph-cut optimisation,
SSM [47] or probabilistic models [49, 50] for robust automat-
ed segmentation. SSM may also be used as a robust

Fig. 11 Seeded region-growing technique. a Seeds are positioned inside the regions of interest by user. b Pixels are iteratively aggregated if their
intensity is similar to those already tagged. c The liver parenchyma is segmented

Fig. 12 Statistical shape models. To restrict the segmentation to a set of
admissible liver shapes, a shape database is compiled, from which any
new liver shape is expressed by a set of parameters called modes of
variation. The various modes of variation (roughly 30 modes) are
adjusted to fit the liver shape on image features. Statistical shape
models impose hard restriction on the segmentation outcome by
integrating prior shape. However, training data cannot capture all
variations and therefore are sometimes too limiting to accurately model
specific livers [13]
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initialisation phase in combination with a 3-D deformable
model to better account for the natural heterogeneity between
and within livers [51].

Summary

A summary of the advantages and disadvantages of various
segmentation techniques illustrated in the previous sections is
provided in Table 1.

Alternatives to liver segmentation for volumetry

Alternative methods of volumetric analysis, such as stereolo-
gy, merit mention. Stereology is a volumetric technique that
employs statistical methods to calculate liver volume, where-
by a sample of pixels is selected on individual liver slices to
calculate the entire liver volume. This sample can be taken
using a variety of methods, such as grid-based sampling meth-
od (the Cavalieri method). In this method, a regular grid is
placed over cross-sectional images; each time the liver
touches a pre-selected structure (e.g. right lower corner of a
square), it is counted in the volumetric calculation [52]. The
calculated cross-sectional area is then summed across slices to
calculate the volume [53]. Advantages of such a method in-
clude speed, cost-effectiveness, multimodal applicability (CT,
MRI, ultrasound) and the ability to perform subsegmentation

(lesions, vascular structures, specific liver segments) [52]; dis-
advantages may include variation based on slice thickness and
slightly decreased accuracy [53].

Imaging requirements

Liver segmentation methods can generally be applied to any
modality, sequence or vascular phase. The success of a given
technique, however, depends upon the quality of implemen-
tation, which is the extent to which the technique has been
trained to initiate and regularise segmentation for a given im-
age type. This depends not only on the technique itself but also
on the appearance model used in the study. The appearance
model (i.e. what the technique classifies as liver) must be well
adapted for the modality, sequence, and vascular phase to
discern liver tissue from adjacent structures for optimal
segmentation.

CT is generally preferred over MRI for segmentation be-
cause of higher spatial resolution, isotropic voxels, robustness
(does not require long breath-holds) and calibrated Hounsfield
units (whereas MRI provides arbitrary signal intensity). The
portal venous phase also tends to be popular as it enhances the
liver parenchyma.

For MRI, the contrast agents gadoxetate disodium
(Primovist, Eovist; Bayer Healthcare, Leverkusen, Germany)
and gadobenate dimeglumine (MultiHance; Bracco
Diagnostic, Milan, Italy) can help improve liver segmentation.

Table 1 Summary of advantages and limitations of various segmentation methods [13]

Technical approach Reproducibility Robustness Time Interactivity
Complexity of 

implementation

2D 

Manual ↑ ↑ ↑↑ ↑↑ ↓↓

Manual with 
assisted 
contouring 

↑↑ ↑↑ ↑ ↑ ↓

2D 

and

3D 

User-
initialized & 
semi-
automated 

↑ ↓ ↓ ↓ ↑

Fully 
automated 
segmentation 

↑↑ ↓↓ ↓↓ ↓↓ ↑↑

Note: Green cells indicate desirable features, whereas red cells indicate limitations. One arrow indicates a minor feature, whereas two arrows indicate a
major feature. The direction of the arrow refers to increase or decrease in the specific parameter.
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Both are gadolinium-based contrast agents that provide
hepatobiliary phases during MRI occurring 20 minutes
and 2 hours after contrast injection [54]. Imaging in
the hepatobiliary phase reveals strong uptake in the nor-
mal liver, which may accentuate the contrast with non-
hepatic tissue (e.g. vessels or focal liver lesions) and
adjacent organs. The hepatobiliary uptake is roughly
50% of the injected dose of gadoxetate disodium and
5% of the injected dose of gadobenate dimeglumine
[55]. The hepatospecificity of gadoxetate disodium in-
creases the contrast between liver parenchyma and liver
lesions or vascular structures compared to conventional
contrast agents and other imaging modalities [54, 56,
57].

The increased contrast with gadoxetate disodium-
enhanced MRI has been exploited for liver segmentation
purposes. For example, Grieser et al. [58] showed that liver
segmentation of Gd-EOB-enhanced T1-weighted 3-D
gradient-recalled-echo images using threshold-based tech-
niques are both accurate and time-saving. The authors
showed that the performance of this approach can be fur-
ther improved by increasing flip angle. Fernandez-de-
Manuel et al. [59] proposed a multimodal non-rigid regis-
tration framework combining gadoxetic acid-enhanced
MRI and contrast-enhanced CT images to characterise liv-
er lesions. Despite these benefits, these contrast agents will
not likely take the place of the portal venous phase due to
the latter ’s specificity and utility for overall liver
volumetry and vascular subsegmentation [59].

Segmentation pitfalls

There are several sources of error that must be accounted for
during the usage of automated segmentation techniques. The
following section outlines sources of error associated with
imaging modality and patient anatomy.

Error linked to modality

The imaging modality used for segmentation has a di-
rect impact on the quality of the features extracted from
the images. With poorer feature extraction comes a
higher risk of segmentation error and divergence.
Specific acquisition parameters and imaging artefacts
can affect segmentation results and represent potential
sources of error.

Breath-holding can be used during both CT and MRI to
limit the effects of respiratory motion on the quality of images.
CT is less affected by motion due to rapid acquisition times.
MRI requires longer acquisition times to achieve adequate
spatial resolution and signal-to-noise ratio. Slice thickness
can be increased to improve z-axis coverage in patients with

limited breath-holding capacities. However, this results in par-
tial volume effects when the voxels at the interface of two
structures with varying signal characteristics must be aver-
aged. In addition, the large spaces between voxels must also
be interpolated, increasing volumetric error.

Slice thickness impacts liver volumetry results [30, 53, 60].
In general, thinner slices tend to be more accurate for estima-
tion of liver volume using MRI [53]. Reiner et al. [60] sug-
gested that 8-mm slices on MRI and 6-mm slices on CT pro-
vided the best compromise between volumetric precision and
efficiency.

CT and MRI are both subject to artefacts. Metallic ob-
jects—such as surgical clips—cause streak artefacts on CT
and susceptibility artefacts on MRI, which may both cause
segmentation error. Other artefacts, such as motion, pulsation
and partial volume averaging artefacts, may also interfere with
segmentation accuracy [30, 61]. Figure 13 illustrates artefacts
and imaging pitfalls commonly seen on MRI.

Error linked to anatomy

Normal and abnormal anatomical features may cause segmen-
tation error. On CT, segmentation error often occurs at the
interface of the liver parenchyma with the stomach, intercostal
muscles, diaphragm, spleen and heart (Fig. 14). Error on CT
and MRI may occur at low-contrast borders, adjacent to tu-
mours, near vascular insertions and at the hepatic flexure [43].
Over-segmentation tends to occur at peri-hepatic organs,
whereas under-segmentation tends to occur in areas of inho-
mogeneous density and at low-contrast liver boundaries [61].
Liver pathology—including steatosis, cirrhosis, malignancies,
areas of ablation and polycystic disease—may distort the liver
and cause an irregular or lobulated morphology which may
also interfere with automated segmentation processes. These
errors can be overcome with increased user interaction, either
during the initialisation phase or with interactive correction
tools.

Emerging surgical needs and future directions

Vascular subsegmentation

As previously mentioned, the standard Couinaud classifica-
tion system does not take into account the numerous anatom-
ical liver variants encountered in individual patients. In the
near future, liver subsegmentation may be performed regular-
ly according to vascular supply (i.e. portal veins and hepatic
arteries) or drainage (i.e. hepatic veins) (Fig. 15). Such seg-
mentation will provide surgeons crucial information regarding
anatomical variants prior to hepatectomy or transplant.
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Surgical planning

Commercially available segmentation solutions may provide
virtual surgical simulation tools for hepatectomy or transplant.
Using the segmentation techniques previously discussed,
these solutions can integrate parenchymal and vascular seg-
mentation tools for 3-D modelling (Fig. 16). These techniques
can also be used to model lesions to exclude them from vol-
umetric analysis. In general, semi-automated techniques are
more successful in allowing the user to include or exclude the
lesion based on the clinical context, as lesions are unknown

components that are difficult to account for in the training data
used to develop fully automated techniques.

The Supplementary Table provides a non-exhaustive list of
commercially available liver segmentation software and solu-
tions that can be used for volumetry and 3-D modelling. These
software solutions employ various semi-automated and auto-
mated segmentation techniques in combination with the abil-
ity to perform manual corrections. For each software solution,
we have provided the following information: manufacturer,
operating system supported, segmentation techniques
employed, modalities supported, sequences or vascular phases

Fig. 13 Imaging pitfalls which
may degrade liver segmentation
on MRI. Axial T1-weighted fat-
saturated images with contrast in-
jection depict the following arte-
facts: a Severe motion artefact. b
Partial volume averaging of the
liver parenchyma with the gall-
bladder (arrows). c Ghost artefact
with the aorta (arrow). d
Inhomogeneous fat saturation
(white arrows) and fat-water swap
in the liver (arrowheads) [13]

Fig. 14 Imaging pitfalls which may limit liver segmentation on CT. a
Axial enhanced CT image of a 62-year-old woman shows indistinct liver-
spleen boundaries (arrows). b Axial enhanced CT image of a 47-year-old
man depicts segmentation challenges caused by ill-defined and non-

continuous borders found near the liver dome (arrows). c Axial enhanced
CT image of a 73-year-old man shows partial volume averaging between
the left liver and the heart (arrows) [13]
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recommended, ability to perform subsegmentation, PACS in-
tegration, and a web page reference.

In addition, liver segmentation and surgical planning ser-
vices are offered by private companies according to a fee-for-
service model. Anonymised datasets are uploaded to a website
and segmentation results are returned with 3-D models that
may be viewed on a website, in a dynamic document, or within

a dedicated software viewer for simulation of surgical scenari-
os. An example can be found in the Supplementary Table.

MRI-based biomarkers

Imaging-based biomarkers have recently been introduced for
quantification of diffuse liver disease. MRI-determined proton

Fig. 16 Virtual surgical
planning. a Axial enhanced CT
image shows a right liver
metastasis centred in segment V
(arrow). The patient also had a
metastasis involving segment VII
(not shown). b Axial enhanced
CT image of a different patient
shows a left liver metastasis in
segment III (arrow). c Three-
dimensional rendering image
shows surgical planning for com-
plete right hepatectomy including
tumour and hepatic structures in
patient from a. d Three-
dimensional rendered image
shows surgical planning for
segmentectomy of segment III for
patient in b. Residual hepatic liver
volume after both procedures was
estimated to be 27%. Right portal
embolisation was thus performed
before right hepatectomy.
Figure courtesy of Dr.
Vandenbroucke-Menu; created
with 3DVSP (IRCAD,
Strasbourg, France)

Fig. 15 Liver subsegmentation according to vascular anatomy. Axial
enhanced CT showing the segmented a hepatic arterial, b portal venous
and c hepatic venous structures. Three-dimensional rendering of the same

liver showing the corresponding segmented d arterial, e portal venous and
f hepatic venous structures [13]
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density fat fraction (PDFF) [62–64] has become an alternative
to liver biopsy for estimation of liver fat content [62] and
produces parametric maps of fat distribution throughout the
liver [65]. The product of the average PDFF and the segment-
ed liver volume produces the total liver fat index (TLFI), a
novel biomarker of total fat burden in non-alcoholic
steatohepatitis. TLFI has been shown to accurately monitor
liver fat burden over time in the setting of a clinical trial
[66]. Other volume averaged biomarkers in liver disease, such
as iron per unit volume, are also being investigated. Further
studies may incorporate other volume averaged biomarkers in
liver disease [67].

Impact of liver quality

While the bulk of this review has focused on the determination
of liver volume—which directly impacts procedural plan-
ning—liver quality is an important, and interrelated, parame-
ter. As alluded to in the section BIndications for liver
volumetry ,̂ the optimal ratio of FLR to TLV varies depending
on the degree of liver pathology; higher FLR to TLV ratios are
required in those with moderately diseased livers (i.e. liver
steatosis secondary to chemotherapy, obesity or type 2 diabe-
tes mellitus) and cirrhosis compared to normal prior to hepa-
tectomy [17, 68].

Liver quality has an impact on liver segmentation as well.
For example, fatty liver secondary to chemotherapy appears
less dense, which may make hypovascular liver metastases
more difficult to detect [69]. In the setting of cirrhosis, animal
studies have demonstrated reduced uptake of gadoxetate
disodium related to reduced expression of organic anion-
transporting polypeptides [69, 70]. Clinically, an increase in
hepatobiliary phase enhancement ratios has been observed in
patients with Child-Pugh A disease compared to Child-Pugh
C disease [71]. Thus, the benefit of liver uptake of
hepatobiliary contrast agents in segmentation may be de-
creased with advancing liver disease. Increasing the dose of
contrast agent or increasing the flip angle in these patients may
help compensate for lower liver signal [72].

Conclusions

Liver volumetry is a common application of liver segmenta-
tion. Liver volumetry is indicated in procedural planning for
hepatectomy, PVE, ALPPS and liver transplant. Liver seg-
mentation can be performed manually or with the assistance
of semi-automated or fully automated algorithms of both CT
and MR images. Future studies will be directed at addressing
segmentation pitfalls, incorporating patient-specific
subsegmentation and 3-D modelling into clinical decision

making, the use of novel contrast agents and the combination
of liver volumetry with MRI-based biomarkers.

Acknowledgements This work was supported by the following grants
and sponsorships:

Operating Grant from the Canadian Institute of Health Research
Institute of Nutrition, Metabolism and Diabetes (CIHR-INMD no.
273738), Seed Grant from the Quebec Bio-Imaging Network (QBIN
no. 8436-0501), New Researcher Start-up Grant from the Centre de
Recherche du Centre Hospitalier de l’Université de Montréal
(CRCHUM) and a Career Award from the Fonds de recherche du
Québec en Santé (FRQS-ARQ no. 26993) to An Tang

MITACS industrial research award (IT02111) to Gabriel Chartrand
Research Chair of Canada in 3D Imaging and Biomedical engineering

award to Jacques de Guise

Open Access This article is distributed under the terms of the Creative
Commons At t r ibut ion 4 .0 In te rna t ional License (h t tp : / /
creativecommons.org/licenses/by/4.0/), which permits unrestricted use,
distribution, and reproduction in any medium, provided you give
appropriate credit to the original author(s) and the source, provide a link
to the Creative Commons license, and indicate if changes were made.

References

1. Castell DO, O’Brien KD, Muench H, Chalmers TC (1969)
Estimation of liver size by percussion in normal individuals. Ann
Intern Med 70(6):1183–1189

2. Vauthey JN, Chaoui A, Do KA et al (2000) Standardized measure-
ment of the future liver remnant prior to extended liver resection:
methodology and clinical associations. Surgery 127(5):512–519.
doi:10.1067/msy.2000.105294

3. Martel G, Cieslak KP, Huang R et al (2015) Comparison of tech-
niques for volumetric analysis of the future liver remnant: implica-
tions for major hepatic resections. HPB (Oxford) 17(12):1051–
1057. doi:10.1111/hpb.12480

4. Heymsfield SB, Fulenwider T, Nordlinger B, Barlow R, Sones P,
Kutner M (1979) Accurate measurement of liver, kidney, and
spleen volume and mass by computerized axial tomography. Ann
Intern Med 90(2):185–187

5. Nakayama Y, Li Q, Katsuragawa S et al (2006) Automated hepatic
volumetry for living related liver transplantation at multisection CT.
Radiology 240(3):743–748. doi:10.1148/radiol.2403050850

6. Masutani Y, Uozumi K, Akahane M, Ohtomo K (2006) Liver CT
image processing: a short introduction of the technical elements.
Eur J Radiol 58(2):246–251

7. Campadelli P, Casiraghi E, Esposito A (2009) Liver segmentation
from computed tomography scans: a survey and a new algorithm.
Artif Intell Med 45(2–3):185–196. doi:10.1016/j.artmed.2008.07.
020

8. Fulcher AS, Szucs RA, Bassignani MJ, Marcos A (2001) Right
lobe living donor liver transplantation: preoperative evaluation of
the donor with MR imaging. AJR Am J Roentgenol 176(6):1483–
1491

9. Yamanaka J, Saito S, Fujimoto J (2007) Impact of preoperative
planning using virtual segmental volumetry on liver resection for
hepatocellular carcinoma. World J Surg 31(6):1249–1255. doi:10.
1007/s00268-007-9020-8

10. Couinaud C (1954) Liver lobes and segments: notes on the anatom-
ical architecture and surgery of the liver. Presse Med 62(33):709–
712

11. Dimitroulis D, Tsaparas P, Valsami S et al (2014) Indications, lim-
itations and maneuvers to enable extended hepatectomy: current

390 Insights Imaging (2017) 8:377–392

http://dx.doi.org/10.1067/msy.2000.105294
http://dx.doi.org/10.1111/hpb.12480
http://dx.doi.org/10.1148/radiol.2403050850
http://dx.doi.org/10.1016/j.artmed.2008.07.020
http://dx.doi.org/10.1016/j.artmed.2008.07.020
http://dx.doi.org/10.1007/s00268-007-9020-8
http://dx.doi.org/10.1007/s00268-007-9020-8


trends. World J Gastroenterol 20(24):7887–7893. doi:10.3748/wjg.
v20.i24.7887

12. Belghiti J, Clavien P, Gadzijev E et al (2000) The Brisbane 2000
terminology of liver anatomy and resections. HBP (Oxford) 2(3):
333–339

13. Gotra A, Chartrand G, Vu K et al (2014) Liver segmentation: a
primer for radiologists. Radiological Society of North America
2014 scientific assembly and annual meeting, Chicago

14. Ferrero A, Vigano L, Polastri R et al (2007) Postoperative liver
dysfunction and future remnant liver: where is the limit? Results
of a prospective study. World J Surg. doi:10.1007/s00268-007-
9123-2

15. d’Assignies G, Kauffmann C, Boulanger Y et al (2011)
Simultaneous assessment of liver volume and whole liver fat con-
tent: a step towards one-stop shop preoperative MRI protocol. Eur J
Radiol 21(2):301–309. doi:10.1007/s00330-010-1941-1

16. Abdalla EK, Adam R, Bilchik AJ, Jaeck D, Vauthey JN, Mahvi D
(2006) Improving resectability of hepatic colorectal metastases: ex-
pert consensus statement. Ann Surg Oncol 13(10):1271–1280. doi:
10.1245/s10434-006-9045-5

17. Abdalla EK (2010) Portal vein embolization (prior to major hepa-
tectomy) effects on regeneration, resectability, and outcome. J Surg
Oncol 102(8):960–967. doi:10.1002/jso.21654

18. Ribero D, Abdalla EK, Madoff DC, Donadon M, Loyer EM,
Vauthey JN (2007) Portal vein embolization before major hepatec-
tomy and its effects on regeneration, resectability and outcome. Br J
Surg 94(11):1386–1394. doi:10.1002/bjs.5836

19. de Graaf W, van Lienden KP, van den Esschert JW, Bennink RJ,
van Gulik TM (2011) Increase in future remnant liver function after
preoperative portal vein embolization. Br J Surg 98(6):825–834.
doi:10.1002/bjs.7456

20. Leung U, Simpson AL, Araujo RL et al (2014) Remnant growth
rate after portal vein embolization is a good early predictor of post-
hepatectomy liver failure. J Am Coll Surg 219(4):620–630. doi:10.
1016/j.jamcollsurg.2014.04.022

21. Meier RP, Toso C, Terraz S et al (2015) Improved liver function
after portal vein embolization and an elective right hepatectomy.
HPB (Oxford) 17(11):1009–1018. doi:10.1111/hpb.12501

22. Schnitzbauer AA, Lang SA, Goessmann H et al (2012) Right portal
vein ligation combined with in situ splitting induces rapid left lateral
liver lobe hypertrophy enabling 2-staged extended right hepatic
resection in small-for-size settings. Ann Surg 255(3):405–414.
doi:10.1097/SLA.0b013e31824856f5

23. Ielpo B, Caruso R, Ferri V et al (2013) ALPPS procedure: our
experience and state of the art. Hepato-Gastroenterology 60(128):
2069–2075

24. Hernandez-Alejandro R, Bertens KA, Pineda-Solis K, Croome KP
(2015) Can we improve the morbidity and mortality associated with
the associating liver partition with portal vein ligation for staged
hepatectomy (ALPPS) procedure in the management of colorectal
liver metastases? Surgery 157(2):194–201. doi:10.1016/j.surg.
2014.08.041

25. Alvarez FA, Ardiles V, Sanchez Claria R, Pekolj J, de Santibanes E
(2013) Associating liver partition and portal vein ligation for staged
hepatectomy (ALPPS): tips and tricks. J Gastrointest Surg 17(4):
814–821. doi:10.1007/s11605-012-2092-2

26. Broering DC, Sterneck M, Rogiers X (2003) Living donor liver
transplantation. J Hepatol 38(Suppl 1):S119–S135

27. Low HC, Da Costa M, Prabhakaran K et al (2006) Impact of new
legislation on presumed consent on organ donation on liver trans-
plant in Singapore: a preliminary analysis. Transplantation 82(9):
1234–1237. doi:10.1097/01.tp.0000236720.66204.16

28. Lo CM, Fan ST, Liu CL et al (1997) Extending the limit on the size
of adult recipient in living donor liver transplantation using extend-
ed right lobe graft. Transplantation 63(10):1524–1528

29. Ben-Haim M, Emre S, Fishbein TM et al (2001) Critical graft size
in adult-to-adult living donor liver transplantation: impact of the
recipient’s disease. Liver Transpl 7(11):948–953. doi:10.1053/jlts.
2001.29033

30. Hermoye L, Laamari-Azjal I, Cao Z et al (2005) Liver segmentation
in living liver transplant donors: comparison of semiautomatic and
manual methods. Radiology 234(1):171–178. doi:10.1148/radiol.
2341031801

31. Kiuchi T, Tanaka K, Ito T et al (2003) Small-for-size graft in living
donor liver transplantation: how far should we go? Liver Transpl
9(9):S29–S35. doi:10.1053/jlts.2003.50198

32. Fan ST, Lo CM, Liu CL, Yong BH, Chan JK, Ng IO (2000) Safety
of donors in live donor liver transplantation using right lobe grafts.
Arch Surg 135(3):336–340

33. Malmberg F, Nordenskjöld R, Strand R, Kullberg J (2014)
SmartPaint: a tool for interactive segmentation of medical volume
images. Comput Methods Biomech Biomed Eng Imaging Vis 5(1):
36–44. doi:10.1080/21681163.2014.960535

34. Udupa JK, Leblanc VR, Zhuge Y et al (2006) A framework for
evaluating image segmentation algorithms. Comput Med Imaging
Graph 30(2):75–87. doi:10.1016/j.compmedimag.2005.12.001

35. Chartrand G, Cresson T, Chav R, Gotra A, Tang A, De Guise J
(2013) Semi-automated liver CT segmentation using Laplacian
meshes. 2014 I.E. International Symposium on Biomedical
Imaging, Bejing. doi:10.1109/ISBI.2014.6867952

36. Kass M, Witkin A, Terzopoulos D (1988) Snakes: active contour
models. Int J Comput Vis 1(4):321–331

37. Falcão AX, Udupa JK, Samarasekera S, Sharma AS, Hirsch BE,
Lotufo RA (1998) User-steered image segmentation paradigms:
live wire and live lane. Graph Model Image Process 60(4):233–260

38. Lopez-Mir F, Gonzalez P, Naranjo V, Pareja E, Alcaniz M, Solaz-
Minguez J (2013) A fast computational method based on 3D mor-
phology and a statistical filter. Int Conf Bioinform Biomed Eng
2013, Granada, pp 483–490

39. Sharma N, Aggarwal LM (2010) Automated medical image seg-
mentation techniques. J Med Phys 35(1):3–14. doi:10.4103/0971-
6203.58777

40. Boykov YY, Jolly MP (2001) Interactive graph-cuts for optimal
boundary and region segmentation of objects in N-D images.
ICCV, Vancouver, I:105–112

41. Soler L, Delingette H, Malandain G et al (2001) Fully automatic
anatomical, pathological, and functional segmentation from CT
scans for hepatic surgery. Comput Aided Surg 6(3):131–142. doi:
10.1002/igs.1016

42. Lamecker H, Lange T, Seebass M (2004) Segmentation of the liver
using a 3D statistical shape model. Report 04–09, ZIB, Berlin
Dahlen

43. Heimann T, van Ginneken B, Styner MA et al (2009) Comparison
and evaluation of methods for liver segmentation from CT datasets.
IEEE Trans Med Imaging 28(8):1251–1265. doi:10.1109/TMI.
2009.2013851

44. Nealen PM, Schmidt MF (2006) Distributed and selective auditory
representation of song repertoires in the avian song system. J
Neurophysiol 96(6):3433–3447. doi:10.1152/jn.01130.2005

45. Gotra A, Chartrand C, Vu KN et al (2015) Comparison of MRI and
CT-based semiautomated liver segmentation: a validation study.
Abdom Radiol 42(2):478–489. doi:10.1007/s00261-016-0912-7

46. Jie L, Defeng W, Lin S, Pheng AH (2012) Automatic liver segmen-
tation in CT images based on support vector machine. Proceedings
of 2012 IEEE-EMBS, Hong Kong. doi:10.1109/BHI.2012.
6211581

47. Norajitra T, Meinzer HP, Maier-Hein KH (2015) 3D statistical
shape models incorporating 3D random forest regression voting
for robust CT liver segmentation. Medical Imaging 2015:
Computer-Aided Diagnosis. SPIE, Orlando. doi:10.1117/12.
2082909

Insights Imaging (2017) 8:377–392 391

http://dx.doi.org/10.3748/wjg.v20.i24.7887
http://dx.doi.org/10.3748/wjg.v20.i24.7887
http://dx.doi.org/10.1007/s00268-007-9123-2
http://dx.doi.org/10.1007/s00268-007-9123-2
http://dx.doi.org/10.1007/s00330-010-1941-1
http://dx.doi.org/10.1245/s10434-006-9045-5
http://dx.doi.org/10.1002/jso.21654
http://dx.doi.org/10.1002/bjs.5836
http://dx.doi.org/10.1002/bjs.7456
http://dx.doi.org/10.1016/j.jamcollsurg.2014.04.022
http://dx.doi.org/10.1016/j.jamcollsurg.2014.04.022
http://dx.doi.org/10.1111/hpb.12501
http://dx.doi.org/10.1097/SLA.0b013e31824856f5
http://dx.doi.org/10.1016/j.surg.2014.08.041
http://dx.doi.org/10.1016/j.surg.2014.08.041
http://dx.doi.org/10.1007/s11605-012-2092-2
http://dx.doi.org/10.1097/01.tp.0000236720.66204.16
http://dx.doi.org/10.1053/jlts.2001.29033
http://dx.doi.org/10.1053/jlts.2001.29033
http://dx.doi.org/10.1148/radiol.2341031801
http://dx.doi.org/10.1148/radiol.2341031801
http://dx.doi.org/10.1053/jlts.2003.50198
http://dx.doi.org/10.1080/21681163.2014.960535
http://dx.doi.org/10.1016/j.compmedimag.2005.12.001
http://dx.doi.org/10.1109/ISBI.2014.6867952
http://dx.doi.org/10.4103/0971-6203.58777
http://dx.doi.org/10.4103/0971-6203.58777
http://dx.doi.org/10.1002/igs.1016
http://dx.doi.org/10.1109/TMI.2009.2013851
http://dx.doi.org/10.1109/TMI.2009.2013851
http://dx.doi.org/10.1152/jn.01130.2005
http://dx.doi.org/10.1007/s00261-016-0912-7
http://dx.doi.org/10.1109/BHI.2012.6211581
http://dx.doi.org/10.1109/BHI.2012.6211581
http://dx.doi.org/10.1117/12.2082909
http://dx.doi.org/10.1117/12.2082909


48. Christ PF, Elshaer MEA, Ettlinger F et al (2016) Automatic liver
and lesion segmentation in CT using cascaded fully convolutional
neural networks and 3D conditional random fields. MICCAI 2016,
19th International Conference on Medical Image Computing and
Computer Assisted Intervention, Athens, 17-21 October 2016. doi:
10.1007/978-3-319-46723-8_48

49. Li CY, Wang XY, Li JL et al (2013) Joint probabilistic model of
shape and intensity for multiple abdominal organ segmentation
from volumetric CT images. IEEE J Biomed 17(1):92–102. doi:
10.1109/TITB.2012.2227273

50. Rusko L, Bekes G (2011) Liver segmentation for contrast-enhanced
MR images using partitioned probabilistic model. Int J Comput
Assist Radiol Surg 6(1):13–20. doi:10.1007/s11548-010-0493-9

51. Heimann T, Munzing S, Meinzer HP, Wolf I (2007) A shape-guided
deformable model with evolutionary algorithm initialization for 3D
soft tissue segmentation. Information Processing in Medical
Imaging, 20th International Conference, IPMI 2007, Kerkrade, 2-
6 July 2007. doi:10.1007/978-3-540-73273-0_1

52. Torkzad MR, Noren A, Kullberg J (2012) Stereology: a novel tech-
nique for rapid assessment of liver volume. Insights Imaging 3(4):
387–393. doi:10.1007/s13244-012-0166-z

53. Sahin B, Ergur H (2006) Assessment of the optimum section thick-
ness for the estimation of liver volume using magnetic resonance
images: a stereological gold standard study. Eur J Radiol 57(1):96–
101. doi:10.1016/j.ejrad.2005.07.006

54. Filippone A, Blakeborough A, Breuer J et al (2010) Enhancement
of liver parenchyma after injection of hepatocyte-specific MRI con-
trast media: a comparison of gadoxetic acid and gadobenate
dimeglumine. J Magn Reson Imaging 31(2):356–364. doi:10.
1002/jmri.22054

55. Bracco (2017) MultiHance (gadobenate dimeglumine injection)
product monograph. Bracco Diagnostics Website. Available via
http://imaging.bracco.com/us-en/products-and-solutions/magnetic-
resonance-imaging/multihance. Accessed 2 April 2017

56. Hammerstingl R, Huppertz A, Breuer J et al (2008) Diagnostic
efficacy of gadoxetic acid (Primovist)-enhanced MRI and spiral
CT for a therapeutic strategy: comparison with intraoperative and
histopathologic findings in focal liver lesions. Eur Radiol 18(3):
457–467. doi:10.1007/s00330-007-0716-9

57. Halavaara J, Breuer J, Ayuso C et al (2006) Liver tumor character-
ization: comparison between liver-specific gadoxetic acid
disodium-enhanced MRI and biphasic CT—a multicenter trial. J
Comput Assist Tomogr 30(3):345–354

58. Grieser C, Denecke T, Rothe JH et al (2015) Gd-EOB enhanced
MRI T1-weighted 3D-GRE with and without elevated flip angle
modulation for threshold-based liver volume segmentation. Acta
Radiol 56(12):1419–1427. doi:10.1177/0284185114558975

59. Fernandez-de-Manuel L, Rubio JL, Ledesma-Carbayo MJ et al
(2009) 3D liver segmentation in preoperative CT images using a
level-sets active surface method. The 31st Annual International
Conference of the IEEE EMBS, Minneapolis, 2-6 September 2009

60. Reiner CS, Karlo C, Petrowsky H, Marincek B, Weishaupt D,
Frauenfelder T (2009) Preoperative liver volumetry: how does the
slice thickness influence the multidetector computed tomography
and magnetic resonance liver volume measurements? J Comput
Assist Tomogr 33(3):390–397

61. Huynh HT, Karademir I, Oto A, Suzuki K (2014) Computerized
liver volumetry on MRI by using 3D geodesic active contour seg-
mentation. AJR Am J Roentgenol 202(1):152–159. doi:10.2214/
AJR.13.10812

62. Reeder SB, Cruite I, Hamilton G, Sirlin CB (2011) Quantitative
assessment of liver fat with magnetic resonance imaging and spec-
troscopy. J Magn Reson Imaging 34(4):729–749. doi:10.1002/jmri.
22580

63. Yokoo T, Bydder M, Hamilton G et al (2009) Nonalcoholic fatty
liver disease: diagnostic and fat-grading accuracy of low-flip-angle
multiecho gradient-recalled-echo MR imaging at 1.5 T. Radiology
251(1):67–76. doi:10.1148/radiol.2511080666

64. Yokoo T, Shiehmorteza M, Hamilton G et al (2011) Estimation of
hepatic proton-density fat fraction by using MR imaging at 3.0 T.
Radiology 258(3):749–759. doi:10.1148/radiol.10100659

65. Le TA, Chen J, Changchien C et al (2012) Effect of colesevelam on
liver fat quantified by magnetic resonance in nonalcoholic
steatohepatitis: a randomized controlled trial. Hepatology 56(3):
922–932. doi:10.1002/hep.25731

66. Tang A, Chen J, Le TA et al (2015) Cross-sectional and longitudinal
evaluation of liver volume and total liver fat burden in adults with
nonalcoholic steatohepatitis. Abdom Imaging 40(1):26–37. doi:10.
1007/s00261-014-0175-0

67. Hernando D, Levin YS, Sirlin CB, Reeder SB (2014)
Quantification of liver iron with MRI: state of the art and remaining
challenges. J Magn Reson Imaging 40(5):1003–1021. doi:10.
1002/jmri.24584

68. Zorzi D, Laurent A, Pawlik TM, Lauwers GY, Vauthey JN, Abdalla
EK (2007) Chemotherapy-associated hepatotoxicity and surgery
for colorectal liver metastases. Br J Surg 94(3):274–286. doi:10.
1002/bjs.5719

69. Jhaveri K, Cleary S, Audet P et al (2015) Consensus statements
from a multidisciplinary expert panel on the utilization and appli-
cation of a liver-specific MRI contrast agent (gadoxetic acid). AJR
Am J Roentgenol 204(3):498–509. doi:10.2214/ajr.13.12399

70. Tamada T, Ito K, Higaki A et al (2011) Gd-EOB-DTPA-enhanced
MR imaging: evaluation of hepatic enhancement effects in normal
and cirrhotic livers. Eur J Radiol 80(3):e311–e316. doi:10.1016/j.
ejrad.2011.01.020

71. Gschwend S, Ebert W, Schultze-Mosgau M, Breuer J (2011)
Pharmacokinetics and imaging properties of Gd-EOB-DTPA in
patients with hepatic and renal impairment. Investig Radiol 46(9):
556–566. doi:10.1097/RLI.0b013e31821a218a

72. Motosugi U, Ichikawa T, Sano K et al (2011) Double-dose
gadoxetic acid-enhanced magnetic resonance imaging in patients
with chronic liver disease. Investig Radiol 46(2):141–145. doi:10.
1097/RLI.0b013e3181f9c487

392 Insights Imaging (2017) 8:377–392

http://dx.doi.org/10.1007/978-3-319-46723-8_48
http://dx.doi.org/10.1109/TITB.2012.2227273
http://dx.doi.org/10.1007/s11548-010-0493-9
http://dx.doi.org/10.1007/978-3-540-73273-0_1
http://dx.doi.org/10.1007/s13244-012-0166-z
http://dx.doi.org/10.1016/j.ejrad.2005.07.006
http://dx.doi.org/10.1002/jmri.22054
http://dx.doi.org/10.1002/jmri.22054
http://imaging.bracco.com/us-en/products-and-solutions/magnetic-resonance-imaging/multihance%3e
http://imaging.bracco.com/us-en/products-and-solutions/magnetic-resonance-imaging/multihance%3e
http://dx.doi.org/10.1007/s00330-007-0716-9
http://dx.doi.org/10.1177/0284185114558975
http://dx.doi.org/10.2214/AJR.13.10812
http://dx.doi.org/10.2214/AJR.13.10812
http://dx.doi.org/10.1002/jmri.22580
http://dx.doi.org/10.1002/jmri.22580
http://dx.doi.org/10.1148/radiol.2511080666
http://dx.doi.org/10.1148/radiol.10100659
http://dx.doi.org/10.1002/hep.25731
http://dx.doi.org/10.1007/s00261-014-0175-0
http://dx.doi.org/10.1007/s00261-014-0175-0
http://dx.doi.org/10.1002/jmri.24584
http://dx.doi.org/10.1002/jmri.24584
http://dx.doi.org/10.1002/bjs.5719
http://dx.doi.org/10.1002/bjs.5719
http://dx.doi.org/10.2214/ajr.13.12399
http://dx.doi.org/10.1016/j.ejrad.2011.01.020
http://dx.doi.org/10.1016/j.ejrad.2011.01.020
http://dx.doi.org/10.1097/RLI.0b013e31821a218a
http://dx.doi.org/10.1097/RLI.0b013e3181f9c487
http://dx.doi.org/10.1097/RLI.0b013e3181f9c487

